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Abstract

This research examines the response in terms of demand for mental health care when

individuals face a negative economic shock that impairs mental health. It exploits the

sudden increase of the unemployment rate in Spain during the period 2007-2009 to an-

alyze the long-run consequences of the labor market deterioration caused by the Great

Recession on mental health. First, I analyze the impairment of self-evaluated mental

health as a consequence of the Great Recession and if it prevails during the economic

recovery. In addition, I estimate if the effect on self-reported mental health is reflected

in the demand for mental health care. The results indicate that individuals displaced

from their jobs are more likely to report worse mental health, to take drugs for mental

illness, and to visit a mental health specialist. Using a labor market shock at the aggre-

gate level, the findings from a differences-in-differences design show that the economic

downturn increases the differences between employed and unemployed individuals in

self-evaluated mental health. However, a recession reduces the prescription of mental

health drugs, and the effect on medical attendance is insignificant. The opposite evi-

dence regarding self-evaluated mental health and medical behavior might suggest the

presence of a stigma associated with mental health.

Keywords: Mental health, Health Care, Unemployment, Great Recession

JEL Codes: I12, I14, I18, J60
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1 INTRODUCTION

Mental health disorders constitute around 13 percent of the global burden of disease, surpass-

ing cardiovascular disease and cancer (e.g. ?). It is estimated that, in 2017, 3.76 percent of

the population had an anxiety disorder, and 3.44 percent suffered from depression (e.g. Roser

and Ortiz-Ospina, 2018). Among other determinants, labor market status is known to be one

of the elements that affect mental health. Thus, changes in the labor market status might lead

to mental health changes, mainly through two mechanisms: income variations and deviations

from social norms. For instance, Baird et al. (2013) and Lachowska (2017) show a posi-

tive relationship between income changes and mental well-being. Regarding social norms,

empirical evidence indicates that individuals evaluate their situation relative to their social

surroundings as in Clark (2003), Ferrer-i Carbonell (2005), Luttmer (2005), or Perez-Truglia

(2019). In addition, the reverse relationship is also empirically established, showing that

mental health affects labor market outcomes, especially in the case of individuals with poor

mental health. For instance, Biasi et al. (2018) find that those with mental health diagnoses

have a higher probability of reporting zero earnings, and Frijters et al. (2014) find that men-

tal health impairments lead to a reduction in the probability of being employed. A negative

relationship between adolescent mental health and future employment status is also shown in

Mousteri et al. (2019). Also Bubonya et al. (2018) find a bilateral relationship between poor

mental health and job losses. Thus, those who already suffer from worse mental health are

also more prone to experience adverse labor market outcomes, such as lower wages, higher

temporality, or longer unemployment spells. These negative labor market outcomes may im-

pair mental health, creating a mental health trap. Therefore, a deep understanding of the

relationship between labor market status and mental health becomes crucial for an optimal

policy design focused on mitigating potential problems that may arise from that relationship.

In this paper, I analyze if changes in the differences between employed and unemployed in-

dividuals regarding subjective mental health are reflected in the demand for mental health
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care. In addition, I look at how persistent these differences are after the Great Recession. The

design exploits a period with a massive unemployment rate and decreasing GDP per capita

to compare the unemployed-employed differences in self-reported mental health before and

after 2009. Then, I add to the analysis two medical outcomes related to mental health: the

probability of taking or being prescribed medicines for mental health problems and the like-

lihood of visiting a mental health specialist to study if there are changes in medical behavior.

Furthermore, I analyze the scarring effects on mental health after an economic downturn,

including data from some periods after the Great Recession.

Results from the preferred specification indicate that the long-term deterioration of the eco-

nomic situation increases the differences in self-evaluated mental health by 0.08 standard

deviations, which corresponds to around 44 percent of the cross-differences between unem-

ployed and employed individuals. Using a subsample of recently displaced individuals (six

months or less), the increase in the gap is reduced to 0.02 standard deviations, but this co-

efficient is not statistically significant. However, after 2009, I find a decrease of around 1.5

percentage points in the differences of being prescribed medication for mental problems. In

addition, I do not find evidence of changes in the likelihood of visiting a mental health spe-

cialist for those who become unemployed.

This paper’s findings are significant for two reasons: First, I add medical outcomes related to

mental health to analyze the response to a mental health impairment as consequence of the

labor market deterioration. The Results are in line with those who analyzed the relationship

between unemployment and mental health in Spain. Urbanos-Garrido and Lopez-Valcarcel

(2015) find This relationship was also analyzed for the case of workers heavily affected by

the financial downturn. Farré et al. (2018) find that unemployment negatively affects the

mental health of those workers that suffer job losses in the construction sector. Bartoll et al.

(2019) look at the causal effect of temporary employment on work-related stress and mental

health before and during the Great Recession, finding a positive link between temporary

employment and deterioration of mental health. Regarding the medical care outcome, results
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are in line with those in Martínez-Jiménez and Vall Castelló (2020), who find no significant

changes in the use of drugs for depression and anxiety in Catalonia during the 2010-2015

period. However, Gili et al. (2012) find that an increase in the frequency of mental health

disorders among primary care attendees in Spain during 2010 compared to 2006.

In addition, I look at the scarring effects of the economic deterioration as a consequence of

the Great Recession. I consider different survey waves to cover a more extended period,

therefore checking the long-run effects of a period with a persistent and large unemployment

rate. Charles and DeCicca (2008) remark the relevance of understanding the long-run impli-

cations of impaired labor market on mental health. In consequence, I examine the scarring

effects of the Great Recession. Thus, this paper adds evidence to the literature focused on

the scarring effects of the recessions (see Rothstein (2020) and Yagan (2019)). While the

literature examines the scarring effects on labor market outcomes, less attention is paid to the

long-run effects of a period with a large unemployment rate on health outcomes. Further-

more, I include different outcomes linked with mental health, such as whether individuals

take drugs for depression or anxiety and whether individuals visited a mental health special-

ist, which allows the comparison between changes in self-evaluated mental health and the

medical response to these potential changes.

The rest of the paper is structured as follows. In Section 2 I provide some background in-

formation on unexpected unemployment shocks and the Great Recession in Spain, while

Sections 3 and 4 describe the data and the empirical strategy. Section 5 contains the main

findings. Finally, Section 6 concludes.
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2 MENTAL HEALTH AND LABOR MARKETS

2.1 Labor markets and mental health

Many studies examine the effects of labor market status on mental health. Regarding other

European countries affected by the Great Recession, Wang and Fattore (2020) find an ef-

fect of higher unemployment rates on admissions for affective disorders in Italy. Results in

Mazeikaite et al. (2019) suggest a deterioration of mental health during the period 2008-2013

in Ireland, in line with results in Drydakis (2015). Mousteri et al. (2018) find that unem-

ployment is associated with a 0.017 standard deviations reduction in quality of life and 0.014

standard deviations decrease in life satisfaction using data at the European level. Schaller and

Stevens (2015) find an association between job displacement and higher levels of anxiety or

depression in the US, while results in Tefft (2011) indicate a positive relationship between

the unemployment rate and Google search for depression and anxiety. Stutzer and Oder-

matt (2018) study the impact of a set of life events, including unemployment, finding that

unemployment harms life satisfaction. Boyce et al. (2018) find that during the period 2009-

2010, unemployment caused a reduction of 0.17 standard deviations in well-being. Results

in Cygan-Rehm et al. (2017) indicate similar unemployment effects in Australia, the United

States, and the United Kingdom, being higher than the effect found for Germany. Moreover,

unemployment can also affect the spouse’s mental health, as in Marcus (2013). Bangham

(2019) finds that household income and labor market status are both related to subjective

well-being. Moreover, Bell and Blanchflower (2018) find that underemployed individuals

display a higher prevalence of mental illness. Precarious employment could also affect the

probability of developing mental health problems, according to Moscone et al. (2016). Re-

cessions might have an impact on mental health, through wealth shocks, as Schwandt (2018)

shows. Ridley et al. (2020) extend the analysis to the relationship between poverty and mental

health.
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2.2 The Great Recession in Spain

The Great Recession was incredibly hard in Spain. In Figure 1, I show the evolution of Span-

ish GDP per capita and the unemployment rate. In 2008, when the unemployment rate was

already increasing, GDP per capita was at its peak. Five years later, in 2013, GDP per capita

hit its lowest point in this period, whereas the unemployment rate was over 25 percent. By

the end of 2016, GDP per capita had almost recovered, but the unemployment rate was still

around 20 percent. The above statistics make the Spanish case a very interesting one. The

deterioration of the labor market allows the analysis of the effects of a prolonged period with

large unemployment in the employed-unemployed differences. Furthermore, it is interesting

to notice that the unemployment shock affected a fairly heterogeneous population. Figure 2

shows that unemployment affected males and females, individuals at all educational attain-

ment levels, and all working-age groups. Therefore, the treated group is heterogeneous and

not a selected subsample. Finally, the unemployment shock had a remarkable impact on in-

come. Kawano and LaLumia (2017) find that household income declined by about 17 percent

using data from the USA. Gardeazabal and Polo-Muro (2021) find that unemployment could

reduce the monthly family income by around 400C.
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Figure 1: Spanish GDP per Capita and Unemployment Rate
Source: Survey of active population from Spanish National Bureau of Statistics.

Notes: Figure shows Spanish unemployment rate and GDP per capita during the period 2006-2016.

Therefore, these side effects caused by the deterioration of the labor market might be miti-

gated by an optimal welfare state design. There is evidence in favor of a relationship between

mental health and welfare policies such as Earned Income Tax Credit (EITC) (see Gangopad-

hyaya et al. (2019)). In this sense, Hoynes and Rothstein (2019) start to evaluate the Universal

Basic Income (UBI) as an alternative to mitigate the negative externalities that arise from au-

tomatization. Preliminary results from the UBI experiment in Finland show a positive effect

of the unconditional income transfer on self-reported well-being. Other authors, as Ander-

sen and Svarer (2010), propose unemployment insurance that depends on the business cycle.

Kuka (2020) find that UI is an important tool for reducing the negative impact of unemploy-

ment on health outcomes. Furthermore, the results suggest that the effect of unemployment

shock on mental illness is heterogeneous. Therefore, as Ridley et al. (2020) remark, effective
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policy design to mitigate externalities caused by layoffs requires evidence about the conse-

quences that these job displacements may cause.
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Figure 2: Unemployed Profile
Notes: Figure shows the share of unemployed individuals in each bin among each category.

3 Data and Descriptive Statistics

3.1 Spanish Health surveys

I use data from the Spanish Health Survey (SHS) and the European Health Survey (EHS).

These surveys consist of a two-part questionnaire: one focused on a randomly selected indi-

vidual in each household, and another questionnaire covering the characteristics of the other
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household members. The former reports rich socioeconomic information, including age, gen-

der, education, marital status region, size of the town of residence, and household size. Labor

market covariates are also included, such as status, occupation, and contract type. The health

questionnaire includes an instrument to measure psychological well-being. Questions about

past health status are included as well. The inhabitant’s questionnaire covers detailed infor-

mation about age, education, and labor market status. The SHS is conducted by the Spanish

Health Ministry every five years. This survey is a nationally representative sample of around

20,000 men and women. I use the available waves for 2006, 2011/12 (2011 henceforth), and

2016/17 (2016, henceforth). Eurostat conducts the EHS, and the actual data collection for

Spain is carried out by the Spanish Statistical Bureau (INE). Comparing both surveys, the

SHS covers a wider range of data than the EHS. For instance, data for the year 2009 does

not specify the length of time unemployed for those who are unemployed. EHS for Spain are

used to cover periods 2009 and 2014.

3.2 Mental Health measures

This paper uses two types of measures for mental health status. First, it uses self-reported

mental health to measure how the recession period affected mental well-being. Second, the

demand for mental health care is measured using questions about if the observed individual

reports being prescribed or taking drugs for mental health problems or whether a mental

health specialist is visited.

As I use different waves from different providers, I have different instruments to measure

self-evaluated mental health. For 2006, 2011, and 2016, the SHS uses the General Health

Questionnaire (GHQ). The GHQ was developed to detect individuals with a mental disorder

(see Goldberg and Hillier (1979); Goldberg and Williams (1988)). The original question-

naire had 60 items (GHQ 60) from which shorter versions of 12 items (GHQ 12) have been

constructed. The GHQ-12 has been used in several studies as in Apouey and E.Clark (2014),
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Baird et al. (2013), Farré et al. (2018), Lindqvist et al. (2018), or Urbanos-Garrido and Lopez-

Valcarcel (2015), for instance. The European Health Interview Survey (2009) covers nine

questions regarding the mental health dimension, the SF36 mental health score developed by

RAND Corporation. For the 2014 wave, they use the Patient Health Questionnaire (PHQ-8).

Regarding the measured outcome, and to create a mental health index, I aggregate questions

from the instrument for each wave. Those observations with at least one question unan-

swered are dropped, which means that only those observations with non-missing information

from the mental health measurement instrument are included. The score of the question-

naire is then standardized. In addition, these surveys cover various questions regarding the

use of medicine. I create a binary outcome that takes value equal to one of the individual

reports being prescribed or is taking medicines for mental illness (I refer to this outcome as

a prescription or use of mental illness medicine indistinctly), and a binary outcome if the

individual reports at least one visit in the last 12 months to any mental health specialist. As

European and Spanish surveys use different instruments to measure mental health, a poten-

tial concern might be if the mental health index is comparable across surveys. Appendix A

provides visual evidence of the mental health distribution by labor market status separately

for each wave.

3.3 Descriptive statistics

In order to use comparable individuals, I restrict the analysis to respondents whose surveys

cover various questions regarding the use of medicine. Table 1 displays summary statistics for

the restricted sample using the five waves included in the analysis. Health Survey respondents

are between 16 and 86 years old, with a mean age of 42 years. Half of the restricted sample are

males, and the most reported educational level is elementary education, the level attained by

more than a third of surveyed individuals. The share of Spanish citizens is equal to 88 percent.

Single or married individuals are nearly 0.9 of the restricted sample. Panel C shows that the
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share of paid workers or company owners is almost 90 percent. Low skill services account for

41 percent of the sample. Panel E to H report the mean number of other household members

in each category. Six out of ten other household members are employed. On average, there is

slightly more than one individual within the two lowest educational attainment levels. Finally,

households with two or three members represent 51 percent of the sample. Appendix B

displays the normalized differences in characteristics between employed and unemployed

individuals.
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Table 1: DESCRIPTIVE STATISTICS

(1) (2) (3) (4)

Mean Std. Dev. Min. Max.

Panel A: Socioeconomic covariates
Age 42.40 10.97 16 86

Gender 0.51 0.50 0 1

Education (low) 0.20 0.40 0 1

Education (medium) 0.37 0.48 0 1

Education (vocational) 0.19 0.39 0 1

Education (tertiary) 0.24 0.43 0 1

Panel B: Marital status
Single 0.32 0.46 0 1

Married 0.58 0.49 0 1

Widow 0.02 0.14 0 1

Divorced 0.09 0.28 0 1

Panel C: Occupation
Military 0.01 0.08 0 1

White collars 0.06 0.23 0 1

Technician (high skilled) 0.13 0.34 0 1

Technician (medium skilled) 0.10 0.30 0 1

Technician (low skilled) 0.10 0.30 0 1

Services 0.20 0.40 0 1

Primary sector 0.03 0.17 0 1

Artisans 0.13 0.33 0 1

Operators 0.08 0.26 0 1

Non-skilled 0.16 0.36 0 1

Panel D: Household Members Labor Market Status
Employed 0.61 0.62 0 8

Unemployed 0.16 0.43 0 7

Student 0.47 0.78 0 7

Retired 0.09 0.32 0 3

Others 0.51 0.85 0 10

Panel E: Household Members Age
From 0 to 25 0.83 0.95 0 8

From 26 to 35 0.25 0.48 0 6

From 36 to 45 0.28 0.47 0 4

From 46 to 55 0.25 0.48 0 4

From 56 to 65 0.16 0.41 0 4

65 or older 0.10 0.35 0 4
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4 EMPIRICAL STRATEGY

The main goal of this paper is to analyze if an impairment of self-evaluated mental health

leads to a higher probability of demanding mental health care. Therefore, it exploits the

economic shock of 2007-2009, where the unemployment rate increased rapidly. Because

of the relationship between the economic situation and mental health status, a deterioration

of the labor market should negatively affect mental health, especially to those individuals

displaced from their jobs. Thus, I compare the differences in mental health outcomes between

employed and unemployed individuals before and after 2009. This identification allows me to

estimate if mental health impairments caused by the Great Recession are reflected in changes

in demand for mental health care. As the Great Recession was dated in 2007-2009, I define

the periods after 2009 as post-treatment periods to analyze the long-term scarring effects of

the Great Recession.

As unemployed individuals, I select those that report being unemployed. However, the num-

ber of long-term unemployed individuals increases during the recession, and consequently,

the duration of the unemployment spell might differ before and after 2009. Therefore, the

sample is restricted to those unemployed for less than two years (henceforth, the restricted

sample) to avoid capturing a compositional effect. Consequently, the differences between

unemployed individuals before and after 2009 could be affected by differences in unemploy-

ment spell length. As the data from 2009 does not include the unemployment length, I use

those unemployed that report being receiving unemployment benefits (the duration of the

unemployment benefits in Spain are up to 24 months. Thus, if one individual is receiving

unemployment benefits, it must be unemployed for less than two years). Nonetheless, I also

show the results after including all the unemployed individuals (henceforth, the unrestricted

sample).
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4.1 Difference-in-differences Estimate

I start by estimating a cross-section difference-in-differences design. To do so, I pool together

all waves of the two surveys and I exploit the large increase in the unemployment rate in Spain

during the Great Recession

yitr = γ+ γ1 ∗unempitr + γ2 ∗ posti + γ3 ∗ (unempitr ∗ postitr)+ γ4 ∗X ′
itr +λt +ζr + εitr (1)

where yi is the mental health outcome of interest of individual i in region r and year t. Xi

is a vector of covariates for individual i, that include age, gender, education, marital status,

and a set of occupational dummies labor market controls, unempitr is a dummy variable

for whether individual i in region r and year t is unemployed, postitr indicates whether the

survey was completed after the economic downturn (years 2011, 2014, and 2016). λt and ζr

are calendar year and regional fixed effects, respectively. Parameter γ3 is the coefficient of

interest, which captures the differences between employed and unemployed individuals on

mental health outcomes after an economic downturn with respect to the period before it. As

data comes from different sources, there are changes between which covariates are included

in each wave. Thus, I decided to include only the set of homogeneous covariates featured in

all waves. Nonetheless, results are robust to the addition of other covariates.

4.2 Event study design

In addition to the difference-in-differences model, I include an event-study design. It allows

the estimation of how the gap changes over time and also uses of the period before 2009 as a

placebo test. Specifically, the event-study design takes the following form

yirt = α0 +α1Uiprt +
j=2016

∑
j=2006, j �=2009

α jUirt1(t = j)+ηX ′
irt +ζr +λt +υirt (2)
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where coefficients α j capture the dynamics of the differences between employed and unem-

ployed individuals one period before the end of the Great Recession and the scarring effects

in three different periods after 2009.

5 Results

5.1 Difference-in-differences results

Table 2 presents the estimated coefficients from equation 1. Columns 1 and 2 shows the re-

sults for the restricted sample of individuals unemployed for less than two years and for the

unrestricted sample, respectively. In column 3, I focus on the effect on short-run unemploy-

ment. Results in Panel A indicate that unemployed individuals report worse mental health in

comparison with employed individuals (around 0.18 standard deviation). After 2009, com-

pared to the period before, these differences increase by 0.08 standard deviations for the

restricted sample and 0.15 standard deviations for the unrestricted sample. These results

range from 44 percent to 83 percent of the cross-section differences between individuals dis-

placed from their jobs and those who remained employed. Results in column 3 indicate that

the differences between employed and recently displaced individuals are slightly lower (0.15

standard deviation) and they do not suggest an increase in the mental health gap between

employed and these particular unemployed group.
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Table 2: Effects on Mental Health Outcomes

(1) (2) (3)

Restricted Unrestricted Short-term

Panel A: Subjective mental health

Unemp*Post 0.0807*** 0.1527*** 0.0182

(0.0272) (0.0200) (0.0383)

Unemployment 0.17982*** 0.1805*** 0.1568***

(0.0212) (0.0193) (0.0225)

Panel B: Mental health Medicines

Unemp*Post -0.0156** -0.0026 -0.0256**

(0.0062) (0.0058) (0.0092)

Unemployment 0.0287*** 0.0319*** 0.0306***

(0.0047) (0.0038) (0.0050)

Panel C: Medical attendance

Unemp*Post 0.0049 0.0139** -0.0031

(0.0069) (0.0064) (0.0068)

Unemployment 0.0135*** 0.0132*** 0.0174***

(0.0044) (0.0039) (0.0049)

Observations 57,164 61,697 19,315

Notes: All regressions include region and year fixed effects. At regional level clustered standard errors in

parentheses. One, two and three starts indicate significance at ten, five and one per cent.

Turning to medical outcomes, unemployed individuals are around 3 percentage points more

prone to taking drugs to deal with mental problems. Nonetheless, after the recession, these

differences seem to decrease by almost 1.5 percentage points for the preferred specification

and 2.5 percentage points for short-term unemployed individuals. These results are surpris-

ing, considering that (i) those who lost their jobs report worse mental health, and (ii) The

Great Recession increases mental health differences between treated and untreated individu-
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als. Therefore, I might expect that an increase in the differences in mental health would lead

to an increase in the probability of being medicated for mental illness. Finally, even though

those who lose their jobs are more prone to visit a mental health specialist (the differences

ranges from 1 to 2 percentage points), results indicate that after the recession, only the analy-

sis from the unrestricted sample shows an increase of 1.4 percentage points in the likelihood

of visiting these above specialists.

5.2 Robustness checks

This subsection presents robustness analysis for the restricted and the unrestricted sample.

First, based on the observed characteristics, I match employed and unemployed individuals

using a propensity score the matching estimator developed by Abadie and Imbens (2011).

Then, I repeat the difference-in-differences estimation over the matched sample. An advan-

tage of this approach is that it only includes those employed observations similar to unem-

ployed observations. In Table 3 I show the differences between employed and unemployed

individuals before and after the matching. In addition, following Barbaresco et al. (2015),

Cohodes et al. (2016), or Engelhardt et al. (2005), I collapse the data into a unique age-

education-gender-occupation cell by employment status, region and year. Then, I repeat the

difference-in-differences estimation at cell level. Columns 1 and 2 in Table 4 show the results

for a difference-in-differences matching estimator, while in Columns 3 and 4 I display the re-

sults for the cell-level analysis. Results in Panel A, B, and C are in line with those obtained

in Table 2.
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Table 3: EMPLOYED-UNEMPLOYED DIFFERENCES

(1) (2) (3) (4)

Raw Matched

Mean Std.Dev. Mean Std.Dev.

Panel A: Socioeconomic covariates
Age -2.53*** (0.14) -0.93*** (0.16)

Gender -0.03*** (0.01) -0.01 (0.01)

Education (low) 0.08*** (0.00) 0.04*** (0.01)

Education (medium) 0.09*** (0.01) 0.02*** (0.01)

Education (vocational) -0.03*** (0.01) -0.02*** (0.01)

Education (tertiary) -0.14*** (0.01) -0.03*** (0.01)

Panel B: Marital status
Single 0.10*** (0.01) 0.03*** (0.01)

Married -0.11*** (0.01) -0.03*** (0.01)

Widow -0.00 (0.00) -0.00 (0.00)

Divorced 0.02*** (0.00) -0.00 (0.00)

Panel C: Occupation
Military -0.01*** (0.00) -0.00 (0.00)

White collars -0.05*** (0.00) -0.01*** (0.00)

Technician (high skilled) -0.10*** (0.00) -0.02*** (0.00)

Technician (medium skilled) -0.05*** (0.00) -0.02*** (0.00)

Technician (low skilled) -0.01*** (0.00) -0.01*** (0.00)

Services 0.03*** (0.01) -0.00 (0.01)

Primary sector -0.01*** (0.00) -0.00* (0.00)

Artisans 0.05*** (0.00) 0.01 (0.01)

Operators -0.00 (0.00) -0.00 (0.00)

Non-skilled 0.13*** (0.00) 0.05*** (0.01)

Panel D: Household Members Labor Market Status
Employed -0.18*** (0.01) -0.06*** (0.01)

Unemployed 0.24*** (0.00) 0.13*** (0.01)

Student -0.00 (0.01) 0.01 (0.01)

Retired 0.03*** (0.00) 0.01* (0.00)

Others -0.10*** (0.01) -0.04*** (0.01)

Panel E: Household Members Age
From 0 to 25 -0.03*** (0.01) 0.01 (0.01)

From 26 to 35 0.02*** (0.01) 0.02*** (0.01)

From 36 to 45 -0.02*** (0.01) 0.01 (0.01)

From 46 to 55 -0.01 (0.01) 0.01* (0.01)

From 56 to 65 0.01*** (0.01) 0.01 (0.01)

65 or older -0.01*** (0.00) 0.01 (0.01)

Notes: One, two and three starts indicate significance at ten, five and one per cent.
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Table 4: Robustness Checks of the Effect of Unemployment on Subjective Mental Health

(2) (3) (4)

Matching Did Cell

Restricted Unrestricted Restricted Unrestricted

Panel A: Subjective mental health

Unemp*Post 0.0983*** 0.1714*** 0.0939*** 0.1628***

(0.0313) (0.0256) (0.0290) (0.0218)

Panel B: Mental health Medicines

Unemp*Post -0.0137* -0.0058 -0.0139** -0.0005

(0.0076) (0.0060) (0.00864) (0.00659)

Panel C: Medical attendance

Unemp*Post 0.0037 0.0162** 0.0053 0.0150**

(0.0070) (0.0071) (0.0071) (0.0060)

.

Observations 21,390 23,173 45,008 48,901

Notes: All regressions include region and year fixed effects. At regional level clustered standard errors in

parentheses. One, two and three starts indicate significance at ten, five and one per cent.

5.3 Event study results

In this section, I provide treatment effect dynamics from equation 2, which includes one

lead indicator and three lag indicators. Lead indicator acts as a pre-recession trends test

and is especially important to lend credibility to the parallel trends assumption. Failing to

pass the test could suppose that the effects captured by the difference-in-differences design

are not causal and is just reflecting differences in trends before 2009 between those who

lose their jobs and those who do not. Thus, I consider a pre-recession trends test for the

period 2006-2009, before the Great Recession. Ideally, I would like to cover more waves
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before the Great Recession. However, the 2006 wave was the first to include an instrument to

measure subjective mental health. Besides, lag indicators show how the differences between

employed and unemployed individuals evolve during the period after 2009, allowing me to

see the persistence of the scarring effects.
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Figure 3: Event Study Coefficients (Subjective Mental Health)
Notes: Figure shows estimated coefficients from equation 2 with 90 percent confidence intervals.

I present the results from the event study for subjective mental health in Figure 3. There

is no evidence that the differences in subjective mental health increase in the period 2006-

2009. However, during the post-recession period, differences become larger than before

the end of the Great Recession, especially in 2011. During the period 2014-2016, the gap

shows a reduction in comparison to 2011, but the differences are still larger than before 2009,

particularly for the unrestricted sample. Figure 4 exhibits the results for the probability of
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consuming medication for mental health. The differences are constant during the period

2006-2009, and they present a decrease during the period 2011-2016 when the analysis focus

on the restricted sample. For the unrestricted, the reduction only happens in 2011, and then

the differences are almost equal in the period before 2009. Finally, regarding the demand for

mental health specialists, in Figure 5 I present the results, where findings indicate an increase

in the differences after 2009, probably reflecting natural trends observed during the period

2006-2009
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Figure 4: Event Study Coefficients (Mental Health Medicines)
Notes: Figure shows estimated coefficients from equation 2 with 90 percent confidence intervals.
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Figure 5: Event Study Coefficients (Medical Attendance)
Notes: Figure shows estimated coefficients from equation 2 with 90 percent confidence intervals.

6 Conclusion

This paper examines the relationship between labor market status and mental health after

the Great Recession. Having provide evidence on how unemployed individuals report worse

mental health compared to employed individuals, the results indicate that after 2009 the dif-

ferences become even higher than in the period 2006-2009. More precisely, the estimated co-

efficients indicate that, after 2009, the mental health gap between employed and unemployed

individuals increased by around 0.08 standard deviations, which accounts for 44 percent of

the cross-sectional differences between both groups. However, despite unemployed individ-

uals demand mental health care more often, findings suggest that, even when self-reported
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mental health is affected by the deterioration of the labor market, there is no response in med-

ical behavior. In contrast, unemployment may reduce the probability of being prescribed or

taking medicines for mental illness and the odds of visiting a specialist for mental illness.

I entertain two potential explanations for these results. First, individuals might under-report

their medical care for mental health problems. A second potential explanation is that individ-

uals effectively do not ask for diagnoses more often, even when they are facing an impairment

of mental health. Both explanations could be related to mental health stigma. Individuals

might avoid asking for a diagnosis or even do not recognize that they asked for a diagno-

sis to avoid being stigmatized. These results aligned with those in Bharadwaj et al. (2017),

who find that individuals under-report the diagnoses and drugs prescriptions regarding men-

tal health. Finally, the scarring effects might affect only the extensive margin. Thus, results

are capturing a mental health impairment of those individuals who are already medically

attended.

These results are reliable for policymakers. Empirical evidence favors the idea that those who

have the worst mental health are more prone to lose their job. After a recession, differences

in mental health are even larger, affecting the opportunities to find a job, and consequently

creating an unemployment trap. Mental health screening and early detection of psychological

distress might be a potential policy-oriented to reducing unemployment.
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Appendix A. Mental Health Distribution

In the event study analysis, I use different health surveys which provides information regard-

ing a set of questions related to mental health. I use these questions to construct the SMH

index. As preliminary evidence of differences in SMH index between employees and unem-

ployed members, I present the outcome distribution for both control and treated members. I

use a Kernel density estimation. Figure A1 shows that the shape of the SMH index distribu-

tion changes according to the instrument used to measure subjective mental health. Waves

from 2006, 2011 and 2016 appear to be bimodal distribution and positive Skew. Wave from

2009 is similar to normal distribution with positive skew. However, the wave from 2014 is

similar to Poisson distribution with λ = 1. The particularity of the 2014 dataset is that a lot

of individuals report the lowest value for the SMH index (i.e. highest mental quality).
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A1: Mental Health Distribution
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Appendix B: Graphical evidence

Figure 6 displays the evolution of the mental health index for four different groups. Apart of

employed and unemployed individuals, it also includes retired and those individuals classified

as others. It displays an stable path in the period 2006-2016 for employed, retired, and others,

while unemployed individuals exhibit an impairment after 2009. Figures 7 and 8 show the

evolution for drugs prescription and visits to a specialist. The former show an increase in

2009, followed by a reduction in 2011, while the latter exhibit a positive and constant path

for employed, retired and others, while unemployed individuals, increased their probabilities

of visit a mental health specialist in 2009. These results are compatible with a persistent effect

for self-evaluated mental health, and a short-run impact on medical outcomes that vanish after

the initial shock.
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Figure 6: Trends in Subjective Mental Health
Notes: Figure shows trends in subjective mental health for four different groups: employees, unemployeds,

retired people, and others. Subjective mental health is measured in standard deviations.
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Figure 7: Trends in Mental Health Medicines
Notes: Figure shows the fraction of individuals in each category being prescribed or taking drugs for mental

illness.
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Figure 8: Trends in Medical Attendance
Notes: Figure shows the fraction of individuals in each category visiting a mental health specialist.

34

 
 

 
 

 
http://www.upo.es/econ 

 


